Supporting information S1. Additional descriptive statistics 
	[bookmark: _Hlk121398972][bookmark: _Hlk121397809]Table S1: Descriptive statistics according to firms’ level of upstreamness and by workers’ origin

	
	Upstreamness ≤ median
	Upstreamness > median

	Variables
	All workers 


(1)
	Workers born in developed countries 
(2)
	Workers born in developing countries
(3)
	All workers 


(4)
	Workers born in developed countries 
(5)
	Workers born in developing countries
(6)

	Gross hourly wage (€, at constant 2004 prices)
	16.2
	16.3
	14.4
	16.9
	16.9
	15.2

	Workers born in developed countries (in %)
	94.5
	100
	
	95.7
	100
	

	Workers born in developing or transition countries (in %)
	5.5
	
	100
	4.3
	
	100

	North Africa
	1.9
	
	34.5
	1.7
	
	39.4

	Sub-Saharan Africa
	1
	
	18.7
	0.7
	
	15.5

	Near and Middle East
	1.2
	
	22.5
	1
	
	23.3

	Asia
	0.6
	
	10.5
	0.4
	
	9.6

	Eastern European
	0.6
	
	10.4
	0.4
	
	8.5

	Latin American
	0.2
	
	3.4
	0.1
	
	3.7

	Age (in %)
	
	
	
	
	
	

	Younger than 30
	18.7
	18.9
	16.1
	18
	18
	15.9

	Between 30 and 49
	61.9
	61.4
	70.5
	63
	62.7
	69.1

	Older than 49
	19.3
	19.7
	13.4
	19
	19.3
	15

	Education (in %)
	
	
	
	
	
	

	No degree, primary/lower secondary
	33.1
	32
	50.3
	31.6
	30.8
	49

	General upper secondary, technical/artistic/professional upper secondary
	44.8
	45.3
	35.9
	45.9
	46.3
	37.7

	Higher non university, university and post-graduate
	22.1
	22.7
	13.8
	22.5
	22.9
	13.3

	Tenure (in %)
	
	
	
	
	
	

	Up to 1 year 
	17.2
	16.6
	26.8
	15.5
	15.1
	24.2

	2 to 4 years
	18.7
	18.4
	25
	18.3
	18
	24.7

	5 to 9 years
	19.9
	19.8
	21.6
	19.9
	19.8
	21.3

	More than 10 years
	44.2
	45.2
	26.6
	46.3
	47.1
	29.8

	Female workers (in %)
	23.6
	24.1
	15.5
	21.8
	22.2
	12.6

	Type of employment contract (in %)
	
	
	
	
	
	

	Open-term contracts
	95.8
	96
	92.8
	97
	97.1
	94.7

	Fixed-term contracts
	3.1
	2.9
	6.4
	2.8
	2.7
	5

	Apprenticeship and interim contracts
	1.1
	1.1
	0.8
	0.2
	0.2
	0.3

	Part-time workers (in %)
	15.9
	15.7
	18.7
	15.7
	15.6
	19.3

	Occupations (in %)
	
	
	
	
	
	

	Managers
	3.7
	3.7
	2
	3.9
	4
	2.3

	Professionals
	8.1
	8.3
	5.6
	7.4
	7.5
	4.1

	Technicians and associate professionals
	8.7
	8.9
	4.8
	8.9
	9.1
	4.5

	Clerical support workers
	13.7
	14.2
	5.3
	13.1
	13.5
	4.9

	Craft and related trades workers
	32.1
	31.6
	40.9
	22.6
	22.2
	30.2

	Plant and machine operators and assemblers
	24.6
	24.4
	27.5
	35.4
	35.2
	39.2

	Services and sales workers
	2.4
	2.5
	1.8
	1.2
	1.3
	0.4

	Elementary occupations
	6.7
	6.4
	12.1
	7.5
	7.2
	14.4

	Firm size (in full-time equivalent)
	438.3
	440
	409.8
	368.3
	372
	287.1

	Firm-level collective agreement (in %)
	33.8
	34
	29.8
	40.7
	40.9
	35.6

	Region (in %)
	
	
	
	
	
	

	Brussels
	11.5
	10.7
	24.9
	4.3
	4
	11

	Flanders
	64.7
	65.3
	53.2
	67.7
	68
	60.4

	Wallonia
	23.8
	24
	21.9
	28
	28
	28.6

	More than 50% privately-owned firms (in %)
	97.6
	97.6
	97.9
	98.5
	98.5
	98.5

	Number of observations
	122,612
	115,906
	6,706
	122,806
	117,526
	5,280

	Notes: By ‘developing countries’, we actually refer to both transition and developing countries listed in the UNCTAD (2020) classification. The median value of upstreamness is equal to 2.86 steps.





[bookmark: _Ref38891504][bookmark: _Ref38895519]Supporting information S2. Introduction of a control variable for the length of GVCs
[bookmark: _Hlk121317190]Table S2: OLS, overall and with interaction terms
	Dependent variable: logarithm of the gross hourly wage
	All workers
(1)
	All workers
(2)
	All workers
(3)

	
	
	
	

	UpstreamnessA
	0.033***
(0.003)
	0.033***
(0.003)
	0.033***
(0.003)

	UpstreamnessA x workers born outside Belgium
	
	0.003
(0.003)
	

	Workers born outside Belgium
	
	-0.02***
(0.007)
	

	UpstreamnessA x workers born in developing countries
	
	
	0.004
(0.003)

	Workers born in developing countries
	
	
	-0.044***
(0.009)

	Control variablesB
	Yes
	Yes
	Yes

	Length of GVC
	Yes
	Yes
	Yes

	Adjusted R²
	0.56
	0.56
	0.56

	Model sig. (p-value of F test)
	0.0
	0.0
	0.0

	Number of observations
	245,418
	245,418
	245,418


Notes: By ‘developing countries’, we actually refer to both transition and developing countries listed in the UNCTAD (2020) classification. A Steps (weighted distance) before the production of firm meets either domestic or foreign final demand. B Control variables include 2 dummies for education (i.e. dummies for workers with upper secondary and higher education, respectively; workers with at most lower secondary education being the reference category), 3 dummies for tenure (i.e. dummies for workers with between 2 and 4, between 5 and 9, and at least 10 years of tenure, respectively; workers with at most 1 year of tenure being the reference category), 2 dummies for age (i.e. dummies for workers aged at most 29 and those over 49 years, respectively; workers aged between 30 and 49 being the reference category), a dummy for female workers, 2 dummies for the employment contract (i.e. dummies for workers with a fixed-term contract and under apprenticeship or with an interim contract, respectively; workers with an open-term contract being the reference category), a working-time dummy (full-time workers being the reference category), and 7 occupational dummies (i.e. dummies for managers, professionals, technicians and associate professionals, clerical and support workers, craft and related trades workers, plant and machine operators and assemblers, and services and sales workers, respectively; elementary occupations being the reference category), a dummy for the presence of a collective agreement at the firm level, firm size (i.e. the logarithm of the number of full-time equivalent workers at the firm level), 2 dummies for the region in which the firm is located (i.e. dummies for being located in Brussels and Wallonia, respectively; Flanders being the reference category), a dummy for the type of economic control (i.e. a dummy for firms that are more than 50% privately-owned) and 8 year dummies. Cluster-robust standard errors are presented between parentheses. ***, **, * significant at 1, 5 and 10% levels, respectively.
[bookmark: _Hlk118992854]
Supporting information S3. A potential endogeneity bias? 

Although we use a large number of covariates, our OLS estimates may suffer from an endogeneity bias, as wages and upstreamness may be related to unobserved characteristics. Indeed, it is possible that a firm’s upstreamness and its export behaviour are correlated in the sense that the number of steps before the firm’s output meets final demand is likely to be larger among exporting firms (Amador and Cabral, 2016). It is also possible that wages are positively correlated with firms’ export behaviour, as exporting firms are likely to be more productive (Baldwin and Yan, 2017). To address this potential problem, we rely on a two-stage least squares (2SLS) approach. 

Alfaro et al. (2019) show that a firm’s decision to engage with upstream or downstream suppliers or consumers depends on the price elasticity of the demand for its goods. Specifically, the authors find that a firm is more likely to integrate into relatively upstream stages in the value chain when the price elasticity of the demand for its product is low. Therefore, we selected instrumental variables (IVs) that reflect the price elasticity of demand at the firm level. More precisely, we selected the following six IVs: (i) the median share of the firm's sales in total clients’ purchases, (ii) a concentration index (i.e. Herfindahl-Hirschmann) of domestic customers, (iii) a concentration index (i.e. Herfindahl-Hirschmann) of domestic suppliers, and (iv, v, vi) the cubic values of these three variables to account for possible non-linearities. Firm-level information on these IVs comes from the Structure of Business Survey (SBS) and enterprise-level input-output tables (IOTs), and in particular from calculations made by Dhyne and Duprez (2015) for each year between 2002 and 2010 based on the values of transactions between firms. The data gathered from the SBS and IOTs were merged with our initial SES/NBB-B2B/NR sample by Statistics Belgium, in collaboration with the National Bank of Belgium, using the firms’ VAT numbers. Our first IV is a proxy for the firm-level price elasticity of demand. Indeed, the larger the median share of a firm’s sales in total clients’ purchases, the smaller the firm’s price elasticity of product demand is expected to be. As regards our second and third IVs, predictions are less clear-cut. A more concentrated pool of clients or suppliers might either increase or decrease the firm’s elasticity of product demand. It notably depends on the outside options available to those clients or suppliers. Accordingly, we expect our first IV to have a positive effect on the value of upstreamness in the first-stage regression, whereas the effects of our second and third IVs should depend on whether they are positively or negatively related with the price elasticity of product demand for the firms in our dataset.


[bookmark: OLE_LINK17][bookmark: OLE_LINK18]2SLS estimates, using the same covariates as in equation (1), are presented in columns (1) to (3) of Table S3.A. They again show that upstreamness has a positive and significant impact on workers' wages. However, we now also find that the elasticity between wages and upstreamness is significantly higher for workers born in developed countries than for those born in developing countries (0.036 versus 0.029). To assess the soundness of the 2SLS approach, we performed an array of statistical tests, the results of which are reported at the bottom of columns (1), (2), and (3). First-stage estimates indicate that our first two IVs (i.e. the median share of the firm's sales in total clients’ purchases and the concentration index of domestic customers) have an overall positive and significant impact on firm-level upstreamness, whereas our third IV (i.e. the concentration index of domestic suppliers) has a negative and significant impact on firm-level upstreamness. The cubed values of these variables are also generally found to have a significant impact on upstreamness. These first stage estimates thus suggest that our IVs are not weak, which is also corroborated by the Kleibergen-Paap rk Wald F statistic for weak identification. The latter is indeed well above 10, i.e. the standard ‘rule of thumb’ critical value (van Ours and Stoeldraijer, 2011), in all specifications. Moreover, we can reject the null hypothesis that our first-stage equation is under-identified, as the Kleibergen-Paap rk LM statistic is found to be highly significant. Next, to examine whether our instruments fulfil the exogeneity condition, we computed correlations between our IVs and workers’ individual gross hourly wages. Findings, presented in Supporting information Table S3.B hereunder, show that all correlation coefficients are relatively small (between 0.004 and 0.076 in absolute value). Accordingly, they support the assumption that our IVs are fairly exogenous with respect to workers’ individual wages.[footnoteRef:1] Finally, regarding the Durbin-Wu-Hausman endogeneity test, the p-values associated with the χ² statistic are all greater than 0.10. Overall, this implies that the null hypothesis of no endogeneity should not be rejected, i.e. that our main explanatory variable can actually be treated as exogeneous and that OLS estimates (reported in Table 2) should be preferred to those obtained by 2SLS. [1:  This outcome is not unexpected. Indeed, our first IV is a proxy for the price elasticity of the demand for the firm’s product. Put differently, it is an imprecise measurement of a firm’s market power, and in particular of its capacity to generate rents, which may, in turn, benefit workers’ wages through rent-sharing (Matano and Naticchioni, 2017; Dobbelaere and Mairesse, 2018). The capacity for a firm to create rents is contingent on many factors beyond our first IV. These factors notably include the firm’s number of clients, the ease with which clients can switch to alternative suppliers, the degree of concentration among the firm’s suppliers, and the overall competition on the firm’s main product market. The relationship between our first IV and a firm’s capacity to create rents is thus not univocal. Moreover, empirical evidence suggests that the magnitude of rent-sharing in the Belgian economy, that is, the elasticity between wages and firms’ rents, is medium from an international perspective. On average, a doubling of firm-level profits-per-worker is found to increase workers’ wages by between 5% and 10% (Rycx and Tojerow, 2004; Rusinek and Rycx, 2013). This outcome is consistent with the studies showing that the dispersion of inter-industry wage differentials in Belgium is smaller compared to some other advanced economies such as Canada and the United States (Card et al., 2018), a finding that is notably attributed to the strong centralization of the Belgian collective bargaining system (Rycx, 2002; Du Caju et al., 2011). However, the elasticity between wages and profits is highly significant and in the same range as that as estimated for other economies like Sweden or Norway (for a review, see Card et al., 2018) and somewhat higher than in China (Duan and Martins, 2022). Similar arguments help to explain why the correlation between our second and third IVs (i.e. the concentration of a firm's domestic customers and the concentration of its domestic suppliers) and workers’ wages is also found to be quite small. In addition, it should be noted that our second and third IVs refer to domestic clients and suppliers only, while manufacturing firms in Belgium are massively exporting and importing, that is, have many of their clients and suppliers abroad. ] 



	Table S3.A: 2SLS regressions, overall and by origin

	Dependent variable: 
logarithm of the gross hourly wage
	All 
workers


(1)
	Workers born in developed countries 
(2)
	Workers born in developing countries 
(3)

	
	
	
	

	UpstreamnessA
	0.036***
(0.006)
	0.036***
(0.006)
	0.029*
(0.016)

	Control variablesB
	Yes
	Yes
	Yes

	Adjusted R²
	0.56
	0.558
	0.525

	Model sig. (p-value of F test)
	0.0
	0.0
	0.0

	Number of observations
	245,418
	233,432
	11,986

	Diagnoses tests for 2SLS:
	
	
	
	
	

	Underidentification testC
p-value Kleibergen-Paap rk LM statistic
	
	0.00
	0.00
	0.00

	Weak identification testD
Kleibergen-Paap rk Wald F statistic
	
	144.1
	140.2
	56.4

	Endogeneity testE
p-value Durbin-Wu-Hausman χ² statistic
	
	0.14
	0.17
	0.35

	
	
	
	
	
	
	

	First-stage estimates of 2SLS (dependent variable: upstreamness):
	

	Median share of the firm's sales in total clients’ purchases
	
	
	0.515**
(0.251)
	0.569**
(0.251)
	-0.382
(0.484)

	Concentration index of domestic customers at time t
	
	
	0.916***
(0.092)
	0.916***
(0.093)
	0.884***
(0.147)

	Concentration index of domestic suppliers at time t
	
	
	-0.377***
(0.114)
	-0.371***
(0.115)
	-0.459***
(0.175)

	Cube of the median share of the firm's sales in total clients’ purchases
	
	
	-0.290
(0.321)
	-0.327
(0.318)
	0.099
(0.782)

	Cube of the concentration index of domestic customers at time t
	
	
	-0.709***
(0.102)
	-0.707***
(0.103)
	-0.680***
(0.180)

	Cube of the concentration index of domestic suppliers at time t
	
	
	-0.876***
(0.130)
	-0.888***
(0.133)
	-0.728***
(0.190)

	Model sig. of the 1st stage (p-value of F test) 
	
	
	0.00
	0.00
	0.00

	Notes: By ‘developing countries’, we actually refer to both transition and developing countries listed in the UNCTAD (2020) classification. A Steps (weighted distance) before the production of firm meets either domestic or foreign final demand. B Control variables include 2 dummies for education (i.e. dummies for workers with upper secondary and higher education, respectively; workers with at most lower secondary education being the reference category), 3 dummies for tenure (i.e. dummies for workers with between 2 and 4, between 5 and 9, and at least 10 years of tenure, respectively; workers with at most 1 year of tenure being the reference category), 2 dummies for age (i.e. dummies for workers aged at most 29 and those over 49 years, respectively; workers aged between 30 and 49 being the reference category), a dummy for female workers, 2 dummies for the employment contract (i.e. dummies for workers with a fixed-term contract and under apprenticeship or with an interim contract, respectively; workers with an open-term contract being the reference category), a working-time dummy (full-time workers being the reference category), and 7 occupational dummies (i.e. dummies for managers, professionals, technicians and associate professionals, clerical and support workers, craft and related trades workers, plant and machine operators and assemblers, and services and sales workers, respectively; elementary occupations being the reference category), a dummy for the presence of a collective agreement at the firm level, firm size (i.e. the logarithm of the number of full-time equivalent workers at the firm level), 2 dummies for the region in which the firm is located (i.e. dummies for being located in Brussels and Wallonia, respectively; Flanders being the reference category), a dummy for the type of economic control (i.e. a dummy for firms that are more than 50% privately-owned) and 8 year dummies. Cluster-robust standard errors are presented between parentheses. ***, **, * significant at 1, 5 and 10% levels, respectively.





	
Table S3.B: Correlation coefficients between 2SLS instruments and workers’ gross hourly wage

	
	All
workers 

(1)
	Workers born in developed countries 
(2)
	Workers born in developing countries 
(3)

	
	Workers’ gross hourly wage
	Workers’ gross hourly wage
	Workers’ gross hourly wage

	Median share of the firm's sales in total clients’ purchases
	-0.020
	-0.019
	-0.020

	Concentration index of domestic customers
	0.056
	0.058
	0.043

	Concentration index of domestic suppliers at time t
	-0.050
	-0.047
	-0.076

	Cube of the median share of the firm's sales in total clients’ purchases
	-0.010
	-0.010
	-0.011

	Cube of the concentration index of domestic customers 
	-0.005
	-0.004
	-0.010

	Cube of the concentration index of domestic suppliers at time t
	-0.050
	-0.047
	-0.058

	Note: By ‘developing countries’, we actually refer to both transition and developing countries listed in the UNCTAD (2020) classification.





Supporting information S4. Firms’ technological and knowledge intensity

One may question whether the results we have obtained so far may be dependent on the level of technological and knowledge intensity characterizing firms. On the one hand, the literature indeed suggests that participation in GVCs is more productivity-enhancing for high-tech and knowledge-intensive firms (HT-KIS) (OECD, 2013; Benkovskis et al., 2020). It is also argued that firms that are positioned higher up in the value chain and provide HT-KIS inputs, such as key technological components (e.g. electric batteries) or R&D services (e.g. vaccine development), often create more value added and hence pay higher wages than those providing more generic goods or services (e.g. the sale of unprocessed agricultural products, such as milk). On the other hand, HT-KIS firms are likely to employ a more skilled workforce. Therefore, given that workers from developed countries are generally more educated, it could be argued that these workers will be over-represented in HT-KIS firms, i.e. in firms where the benefits of being more upstream are higher, and that our results may be driven by this over-representation. Therefore, we aim to analyse whether: i) workers born in developed countries are over-represented in HT-KIS firms, ii) the elasticity between wages and upstreamness is higher in these firms, and iii) our results are still valid when controlling for these two potential effects.

To this end, we first divide our sample of workers into two groups according to whether or not they are employed in HT-KIS firms. For this division, we rely on the HT-KIS nomenclature developed by Eurostat (2016), which allows the classification of firms as high-tech/knowledge (HT-KIS) or low-tech/knowledge (LT-LKIS) based on their NACE codes at 2 digits. Second, we also split our sample according to whether the workers were born in developed or developing countries, respectively.

[bookmark: OLE_LINK13][bookmark: OLE_LINK14]The first column of Supporting information Table S4 shows that 37% of workers born in developed countries are employed in HT-KIS firms, compared to only 33% of workers born in developing countries. The results also show that workers born in developed countries represent almost 96% of those employed in HT-KIS firms and slightly less than 95% of those employed in LT-LKIS firms. It can therefore be concluded that, overall, the over-representation of workers born in developed countries is slightly higher in high-tech/knowledge than in low-tech/knowledge firms. 

Regarding the size of the elasticity between wages and upstreamness, results in column (2) of Supporting information Table S4 support the hypothesis that being further up in the value chain is more rewarding for workers employed in HT-KIS firms, regardless of their origin. At the mean value of wages, the elasticity is indeed estimated at 0.027 among HT-KIS firms for both categories of workers, and at 0.018 and 0.016 among LT-LKIS firms for workers born in developed and developing countries, respectively. Unconditional quantile estimates, reported in columns (3) to (5) of Supporting information Table S4, further show that: i) the gap in wage-upstreamness elasticities between HT-KIS and LT-LKIS firms increases along the earnings distribution; ii) regardless of firms’ technological and knowledge intensity, the wage premium for workers employed in more upstream firms is higher for workers born in developed countries than for those from developing countries; and iii) high-wage workers born in developed countries and employed in HT-KIS firms are the main beneficiaries of more upstream positions.
To sum up, our estimates support the hypothesis that being higher up in the value chain is more rewarding for workers employed in HT-KIS firms. However, they also indicate that the over-representation of workers from developed countries among HT-KIS firms is only slightly higher than among LT-LKIS firms. Furthermore, they show that our main finding, i.e. that (high-wage) workers from developed countries are the main beneficiaries of firms’ more upstream positions, holds true in both high- and low-tech/knowledge environments. Accordingly, this robustness test validates and even reinforces the results we have obtained so far.



	[bookmark: _Ref38889273]Table S4: OLS and unconditional quantile regressions (UQR), by origin and firms’ technological and knowledge intensity

	Dependent variable: logarithm of the gross hourly wage
	Number of observations
(as % of total workers by origin  in HT-KIS firms)
	HT-KIS firmsB

	
	
	OLS
	Unconditional quantile estimates

	
	
	(Mean)
	(0.25)
	(0.5)
	(0.75)

	UpstreamnessA (sample of workers born in developed countries)
	86,552 
(37%  96%)
	0.027***
(0.004)
	0.018***
(0.003)
	0.029***
(0.004)
	0.047***
(0.006)

	UpstreamnessA (sample of workers born in developing countries)
	3,911
(33%  4%)) 
	0.027***
(0.006)
	0.017***
(0.006)
	0.018***
(0.006)
	0.028**
(0.011)

	
	Number of observations
(as % of total workers by origin  in LT-LKIS firms)
	LT-LKIS firmsB

	
	
	OLS
	Unconditional quantile estimates

	
	
	(Mean)
	(0.25)
	(0.5)
	(0.75)

	UpstreamnessA (sample of workers born in developed countries)
	146,880
(63%  95%) 
	0.018***
(0.002)
	0.018***
(0.002)
	0.018***
(0.002)
	0.022***
(0.004)

	UpstreamnessA (sample of workers born in developing countries)
	8,075
(67%  5%)
	0.016***
(0.004)
	0.014***
(0.004)
	0.014***
(0.005)
	0.010*
(0.005)

	Notes: By ‘developing countries’, we actually refer to both transition and developing countries listed in the UNCTAD (2020) classification. A Steps (weighted distance) before the production of firm meets either domestic or foreign final demand. B HT-KIS and LT-LKIS refer to high-tech/knowledge and low-tech/knowledge firms, respectively. This subdivision is based on the Eurostat (2016) nomenclature providing the 2 or 3 digit NACE code, according to which some firms can be classified as high-tech/knowledge and others as low-tech/knowledge. All specifications include control variables, covering human capital, gender and job characteristics, firm characteristics and year dummies. For more details, see Table 2. Clustered and block-bootstrapped standard errors (100 replications), corrected for heteroscedasticity, are reported between parentheses for OLS and UQR, respectively. ***, **, * significant at 1, 5 and 10% levels, respectively.







Supporting information S5. Different components of workers’ wages

[bookmark: OLE_LINK15][bookmark: OLE_LINK16]This robustness test aims to identify the role of compensating differentials associated with longer and more atypical hours (i.e. over-time and shift/night/weekend work) in explaining differences in wage-upstreamness elasticities between workers born in developed and developing countries. To this end, we re-estimate equation (1) by origin and quantiles using as dependent variable the gross hourly wage, this time excluding overtime compensation and premia for shift/night/weekend work. 

OLS results, presented in Supporting information Table S5, again show a positive and significant effect of upstreamness on workers’ wages, although this effect is slightly weaker than in our benchmark specification. The elasticity decreases from 0.021 to 0.016 and from 0.020 to 0.018 for workers born in developed and developing countries, respectively. As for the quantile estimates, although they are also somewhat smaller, they are relatively in line with our benchmark results. Indeed, we find that the wage-upstreamness elasticity increases by more than 60% along the wage distribution for workers born in developed countries (from 0.013 to 0.021 between the 25th and the 75th percentile (t = 2.2)). In contrast, the pattern is flat for workers born in developing countries: the elasticity decreases from 0.016 to 0.011, but the difference is not statistically significant (t = 0.8)). Accordingly, we conclude that upstreamness still benefits (high-wage) workers from developed countries the most. 

We also tested the robustness of our findings with an even more restrictive definition of workers’ wages. More precisely, we used workers’ base pay, that is, the gross hourly wage from which we excluded not only overtime compensation and premia for shift/night/weekend work but also performance-related pay and commissions, as well as annual and irregular bonuses. The regression coefficients, presented in Supporting information Table S5, are weaker than when accounting for compensating differentials but are broadly in line with our benchmark estimates. Indeed, the wage-upstreamness elasticity is again found to be slightly greater for (high-wage) workers born in developed countries than for workers born in developing countries. 

Overall, this robustness test confirms our previous results by showing that the larger wage premium obtained by (high-wage) workers from developed countries is not driven solely by differences in overtime hours and shift/night/weekend work but also by differences in other pay components, including base pay.


	Table S5: OLS and unconditional quantile regressions (UQR), by origin using different components of workers’ wages as dependent variable

	
	Workers born in developed countries

	
	OLS
	Unconditional quantile estimates

	
	(Mean)
	(0.25)
	(0.5)
	(0.75)

	
UpstreamnessA (using gross hourly wages, benchmark specification)
	
0.021***
(0.002)
	
0.016***
(0.002)
	
0.019***
(0.002)
	
0.031***
(0.004)

	
UpstreamnessA (using gross hourly wages 
excluding:
· overtime compensation and premia for shift/night/weekend work)
	
0.016***
(0.002)
	
0.013***
(0.002)
	
0.017***
(0.003)
	
0.021***
(0.003)

	
UpstreamnessA (using gross hourly wages 
excluding:
· overtime compensation, premia for shift/night/weekend work, 
· performance-related pay and commissions, and annual and irregular bonuses)
	
0.011***
(0.002)
	
0.009***
(0.002)
	
0.014***
(0.002)
	
0.019***
(0.003)

	
	Workers born in developing countries

	
	OLS
	Unconditional quantile estimates

	
	(Mean)
	(0.25)
	(0.5)
	(0.75)

	
UpstreamnessA (using gross hourly wages, benchmark specifications)
	
0.020***
(0.527)
	
0.014***
(0.004)
	
0.013***
(0.003)
	
0.018***
(0.005)

	
UpstreamnessA (using gross hourly wages
excluding:
· overtime compensation and premia for shift/night/weekend work)

	
0.018***
(0.004)
	
0.016***
(0.005)
	
0.013**
(0.005)
	
0.011**
(0.004)

	UpstreamnessA (using gross hourly wages 
excluding:
· overtime compensation, premia for shift/night/weekend work, 
· performance-related pay and commissions, and annual and irregular bonuses)
	0.015***
(0.004)
	0.011**
(0.004)
	0.013***
(0.005)
	0.015**
(0.005)

	Number of observations for workers born in: 
	
	
	
	

	Developed countries
	233,432
	233,432
	233,432
	233,432

	Developing countries
	11,986
	11,986
	11,986
	11,986

	Notes: By ‘developing countries’, we actually refer to both transition and developing countries listed in the UNCTAD (2020) classification. A Steps (weighted distance) before the production of firm meets either domestic or foreign final demand. All specifications include control variables, covering human capital, gender and job characteristics, firm characteristics and year dummies. For more details, see Table 2.  Clustered and block-bootstrapped standard errors (100 replications), corrected for heteroscedasticity, are reported between parentheses for OLS and UQR, respectively. ***, **, * significant at 1, 5 and 10% levels, respectively.




Supporting information S6: Bibliography

Alfaro L., Antràs P., Chor D. and Conconi P. (2019) ‘Internalizing Global Value Chains: A Firm-Level Analysis’, Journal of Political Economy 127: 508–559.
Amador J. and Cabral S. (2016) ‘Global Value Chains: A Survey of Drivers and Measures’, Journal of Economic Surveys 30: 278–301.
Baldwin J. and Yan B. (2017) ‘Global Value Chains and the Productivity of Canadian Manufacturing Firms’, in Tapp S., Van Assche A. and Wolfe R. (eds.) Redesigning Canadian Trade Policies for New Global Realities (Vol. VI). Montreal: Institute for Research on Public Policy.
Benkovskis K., Masso J., Tkacevs O., Vahter P. and Yashiro N. (2020) ‘Export and Productivity in Global Value Chains: Comparative Evidence from Latvia and Estonia’, Review of World Economics 156: 557–577. 
Card D., Cardoso A., Heining J. and Kline P. (2018) ‘Firms and Labor Market Inequality: Evidence and Some Theory’, Journal of Labor Economics 36: 13–70.
Dhyne E. and Duprez C. (2015) ‘Has the Crisis Altered the Belgian Economy’s DNA?’, Economic Review 2: 31–43.
Dobbelaere S. and Mairesse J. (2018) ‘Comparing Micro-evidence on Rent Sharing from Two Different Econometric Models’, Labour Economics 52: 18–26.
Du Caju P., Rycx F. and Tojerow I. (2011) ‘Inter-industry Wage Differentials: How Much Does Rent Sharing Matter?’, Manchester School 79: 691–717.
Duan W. and Martins P. (2022) ‘Rent Sharing in China: Magnitude, Heterogeneity and Drivers’, British Journal of Industrial Relations 60: 176–219.
Eurostat (2016) Indicators on High-tech Industry and Knowledge-intensive Services. Luxembourg: Eurostat.
Matano A. and Naticchioni P. (2017) ‘The Extent of Rent Sharing along the Wage Distribution’, British Journal of Industrial Relations 55: 751–777.
OECD (2013) Interconnected Economies: Benefiting from Global Value Chains. Paris: OECD.
van Ours J. and Stoeldraijer L. (2011) ‘Age, Wage and Productivity in Dutch Manufacturing’, De Economist 159: 113–137.
Rusinek M. and Rycx F. (2013) ‘Rent-Sharing under Different Bargaining Regimes: Evidence from Linked Employer-Employee Data’, British Journal of Industrial Relations 51: 28–58.
Rycx F. (2002) ‘Inter-Industry Wage Differentials: Evidence from Belgium in a Cross-National Perspective’, De Economist 150: 555–568.
Rycx F. and Tojerow I. (2004) ‘Rent Sharing and the Gender Wage Gap in Belgium’, International Journal of Manpower 25: 279–299.
United Nations Conference on Trade and Development (UNCAD) (2020) Development Status Groups and Composition. Classifications. Geneva: UNCAD.

2

